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Martin, Thowpson, Cantsias, Watson, 2010
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Persistence intervals in dimension 0:
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Measares of order for nearly hexagonal lathices
Motts, Neville, Shipman, Ponrson, Bradley, 2013
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Persistont howolayy analysis of  brain ardery trees
Bendich, Marron, Miller, Pieloch, S‘zwa—ﬁg\z 7204
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Colleckive motion, sel# - organiz ation
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Colleckve motion, self - orﬂa//\i%a{:?on

Joglogicdl dota apalysis of  biologicad agqregation models
TZ)\W\%, Z]éj&‘waej} Ha\vemon, 2015
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Stakihed bplopicl dibn arabysis wsing fesistene. dscopes
Bubenik 2015
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Pe,rSi?E@/lce, '\maseg‘ A stable V&c}w mpresen%mkm of
per sistent L\OWIﬂ'ag)/. A’Geﬂmf, CLepusH:ay\ova/ Emerfaw, Hamon,
Kirby, MtHa, Nevile, Delerson, Shipman, Ziegelmeier, 70|17



Persistonce images A stable vecor representation  of
per Gistent l\Omology. A’deﬁmf, aapusw:anova/ Emerfaw, Hangon,

Kirky, MoHa, Neville, Yeleron, Shigman, Ziegelmeier, 7017
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exsistene. imaget A stable vecor representatim
persistent howslogy, Adams, Chepushbanova, Emerson, Hangon,
by, MoHa, Neville, Yeleron, Shigman, Ziegelmeier, 7017
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Cantor-0-128 (dimension 0)

A Frockal dimension for measSureg  vig PMf%L@rf” L‘”’"”"’JY
Adaws, Aminian, Farnel, Kivby, Peteron, Mivrth,
Neville, Shonkwiler, 2070
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A fackdl dimension e measines vig persistert meolajy
Adaws, Aminian, Farnel, Kivby, Peteron, Mivrth,
Ne,v\'\l&, Shonkuwiler, 2070
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On the dhoice. of weight Fupchions 1oe linear
representations  of  pessistence  dag rams
Divo|  and Polovu'k, 2019
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